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Artificial Intelligence Vocabulary  
for Chaplains 

A Glossary of Common Terms 

For Chaplains in Healthcare and Institutional Settings   

 

CRITICAL PRIVACY REMINDER 

Consumer AI tools (including ChatGPT, Claude, Gemini, and Copilot) are not HIPAA-compliant 
and are not approved for use with patient information or any protected client information. 

Entering patient/care recipient data into a consumer AI tool is a potential HIPAA violation regardless 
of intent. The information entered may be stored, reviewed, and used to train future versions of the 
model.  

For privacy-protected work, use only AI tools explicitly approved by your company.  

 

Introduction 

Artificial intelligence is no longer a distant prospect for healthcare chaplaincy. AI has been a feature of 
products used for daily administrative tasks like email and document drafting for several years. Today, AI 
is embedded in electronic health records, documentation platforms, clinical decision support tools, and 
predictive referral systems. Chaplains who understand AI terminology are better equipped to evaluate 
these tools ethically, advocate for the care recipients and communities they serve, and participate 
meaningfully in institutional conversations about AI's benefits and its risks to equity and professional 
ethics. This document is meant to support chaplains in developing a foundation for interdisciplinary 
conversations about AI, ethics, and human dignity. 

 

How to Use This Dictionary 

Terms in this dictionary are organized into three tiers to help readers navigate by familiarity: 

 

Part One — Foundational Terms: Core concepts accessible to all readers regardless of AI 
background. 

Part Two — Ethical Terms: Terms from critical technology studies and healthcare law that 
highlight justice concerns and engage questions about integrity in building and using AI. 

Part Three — Applied and Contextual Terms: More technical or specialized terms for readers 
who want deeper literacy. 

 
The In Context note with each entry points toward professional chaplaincy application.  
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Part 1 – Foundational Terms PT ONE — Foundational Terms 
 
These terms form the basic vocabulary for understanding what AI is, what it can do, and where it 
operates in healthcare and institutional settings. They are accessible to readers with no prior AI 
background. 

Algorithm 
A set of step-by-step instructions a computer follows to complete a task or solve a problem. In AI, 
algorithms process data and identify patterns to make decisions or generate outputs. (Not all 
algorithms are AI-based, and not all automated processes are algorithms). 

In Context: When an AI tool suggests a care resource or flags a patient's risk level, it is following an 
algorithm, a logic you can ask to have explained. It is sometimes helpful to view the pattern of logic 
used to create outputs. See also: Predictive Analytics; Black Box. 

Artificial General Intelligence (AGI) 
A hypothetical form of AI capable of performing any intellectual task a human can, flexibly and 
autonomously across domains, without being specifically programmed for each task. AGI does not 
currently exist. Most AI tools are narrow: they excel at specific tasks and fail outside them. The 
timeline for whether and when AGI might arrive is a matter of genuine, significant disagreement 
among experts. 

In Context: Public anxiety about AI often conflates current tools with the hypothetical threat of AGI. 
Chaplains may encounter people whose fear or enthusiasm is shaped by AGI narratives. Staying 
current on expert debate, without dismissing either camp, is part of pastoral attentiveness. See also: 
Doomers and Boomers. 

Artificial Intelligence (AI) 

1) The simulation of human-like intelligence in computer systems, enabling machines to perform 
tasks such as recognizing language, making decisions, generating text, and learning from 
experience.  

2) The ability of a digital computer or computer-controlled robot to perform tasks commonly 
associated with intelligent beings. The term is frequently applied to the project of developing 
systems endowed with the intellectual processes characteristic of humans, such as the ability to 
reason, discover meaning, generalize, or learn from past experience. 

In Context: AI is not a single technology; it is an umbrella term for a wide range of tools and systems. 
AI is increasingly present in healthcare settings, from predictive analytics in the EMR to voice-
transcription tools to documentation assistants. See also: Types of AI Tools; Consumer AI; Enterprise 
AI; EHR-Embedded AI. 

Automation 

The use of technology to perform tasks with minimal human intervention. There are also non-AI 
algorithms that can adapt to context. AI-powered automation can learn and adjust, while traditional 
automation follows fixed rules. 

In Context: Some repetitive documentation tasks may be automated with AI. See also: Deskilling. 

Chatbot 
A software program designed to simulate conversation with a human user. Simple chatbots follow 
scripted decision trees. AI-powered chatbots use natural language processing to generate more 
dynamic, context-sensitive responses. Not all chatbots are AI-based.  

In Context: Some healthcare systems are deploying chatbots for patient check-ins, mental health 
screening, or care navigation. Chaplains may be asked to evaluate the spiritual or emotional 
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appropriateness of these tools: appropriateness in terms of accuracy, sensitivity to religious and 
cultural identity, and the risks of substituting automated response for human presence.  

See also: Consumer AI; Spiritual Care and AI. 

Generative AI 
A category of AI that creates new content: text, images, audio, code, or video, in response to a 
prompt. Examples include ChatGPT (OpenAI), Claude (Anthropic), Gemini (Google), and Grok (xAI).  

In Context: Generative AI is the category most immediately relevant to chaplains exploring 
documentation support, reflection writing, and education development. Outputs require pastoral 
review and professional judgment before use. Patient data must stay out of consumer generative AI 
tools. A concern for chaplains is understanding the difference between generative and non-generative 
AI, so as not to apply blanket skepticism toward every use of AI in healthcare. See also: Consumer 
AI; Enterprise AI; Types of AI Tools. 

Hallucination 

When an AI model generates information that is plausible-sounding but factually incorrect, fabricated, 
or entirely invented. Hallucinations are often stated with apparent confidence. Hallucinations occur 
because AI models predict likely word sequences rather than retrieving verified facts. According to 
studies by AI companies themselves, a significant portion of AI output may be hallucinated. The 
model has no relationship to truth, only to pattern completion. 

In Context: AI tools may confidently generate inaccurate religious information, fictitious citations, or 
incorrect details about a patient's faith tradition. Never rely on AI outputs for spiritual care guidance 
without independent verification. See also: Training Data. 

Large Language Model (LLM) 
A neural network trained on massive amounts of text data to understand and generate human 
language. LLMs such as GPT (OpenAI), Claude (Anthropic), Gemini (Google), and Grok (xAI) are 
utilized for AI writing, conversation, and summarization tools. They predict the most statistically likely 
next word or phrase; they do not ‘think,’ ‘understand,’ or ‘care’ in any meaningful sense. The same 
underlying LLM may power both a consumer product (not HIPAA-compliant) and an enterprise-
licensed product (which may be compliant), the model is the engine; compliance status depends on 
the contract and platform. 

In Context: LLMs are increasingly used in healthcare for clinical documentation, patient 
communication, and administrative support. They are powerful tools with significant limitations, 
including bias and the potential for hallucination. See also: Generative AI; Consumer AI. 

Machine Learning (ML) 
A subset of AI in which systems learn from data without being explicitly programmed for each task, 
identifying patterns in training data and applying them to new inputs. 

In Context: Predictive tools in palliative care, such as models that estimate prognosis or identify 
patients who may benefit from goals-of-care conversations, typically use machine learning. 
Understanding this helps chaplains interpret how referral triggers are generated. See also: Predictive 
Analytics; Clinical Decision Support AI. 

Model 
The trained AI system itself. The output of a machine learning process applied to a dataset. Different 
models may produce very different outputs from the same input. There are millions of AI models 
available. 

In Context: Not all AI tools are equivalent in quality, bias level, or suitability for chaplaincy contexts. 
Asking 'What model is this tool built on, and how was it trained?' is a legitimate professional question. 

Prompt 
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The question, instruction, or request input that a user provides to a generative AI system. The quality 
and specificity of a prompt significantly shapes the quality of the AI's response. Prompt engineering 
refers to the practice and skill of deliberately crafting prompts to guide AI toward more accurate, 
relevant, and useful outputs.  

In Context: Learning to write clear, specific prompts is a practical AI literacy skill. A vague prompt 
produces a generic response; a well-crafted prompt that includes context, audience, and purpose 
produces a more useful output.  Chaplains can improve AI-assisted documentation and educational 
materials by developing these skills. 

Training Data 

The large dataset used to teach an AI model which determines what the AI 'knows,' how it reasons, 
and where its biases originate. For consumer AI tools, training data includes vast amounts of publicly 
available text from the internet. Additionally, when users interact with consumer AI tools, their 
conversations may (depending on platform settings and terms of service) be incorporated into future 
training data. 

In Context: When a chaplain types a patient's spiritual history, diagnosis, or identifying information 
into a consumer AI tool, that information may become training data for future AI models. The patient 
did not consent and the institution did not authorize this use of protected health information; in most 
cases, this constitutes a HIPAA violation. See also: Consumer AI; BAA; Data Retention. 

 

Part Two — Ethical Terms  
PART TWO — Ethical Terms 
These terms address the ethical, justice, and values dimensions of AI use in chaplaincy and healthcare 
contexts. 

Algorithmic Bias 

When an AI system produces systematically skewed, incomplete, or discriminatory outcomes as a 
result of biased, incomplete, or non-representative training data. Because AI learns patterns from 
historical data, it frequently encodes and amplifies the inequities already present in that data. Real-
world examples include: diagnostic tools that underperform for Black patients, leading to higher rates 
of missed diagnoses; image generation tools that produce more sexualized results for certain 
demographic groups; and language tools that associate certain names or dialects with negative 
sentiment. Algorithmic bias is distinct from intentional prejudice; it is structural and often invisible to 
those deploying the tool. Note, however, that some algorithmic bias is intentional in origin. 

In Context: Algorithmic bias is a patient safety and justice issue. Chaplains are positioned to name it 
in interdisciplinary care conversations, advocate for patients receiving inequitable AI-influenced care, 
and ask: 'Has this tool been validated on the population we actually serve?' See also: Racial Bias; 
Fairness; i-Methodology. 

Black Box 

A term describing AI systems with opaque internal decision-making processes. The output can be 
observed, but the reasoning behind it cannot be easily explained or audited. Conventional algorithms 
can in principle be explained if source code is available, but how large language models (LLMs) arrive 
at their outputs is a black box even to the AI companies themselves. Moreover, LLMs are 
probabilistic: the way a result is computed differs every time. It is extremely difficult to explain why 
exactly an AI system produced a certain output. 

In Context: When AI influences clinical care decisions affecting your care recipients, asking 'How did 
the system arrive at this?' is both ethically sound and professionally appropriate. If the answer is 
unavailable, that is not a technical detail; it is a limit with moral weight. See also: Explainability; 
Transparency. 
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Confidentiality and AI 
The risk that information shared with AI tools may be stored, analyzed, retained, or used to train 
future models,  compromising privacy and creating potential legal and ethical violations. 

In Context: This risk is especially acute with consumer-grade AI tools, which are not covered by 
HIPAA’s protections by default. Do not enter identifying patient information into any AI tool that has 
not been specifically approved by your institution’s IT and compliance teams. This includes the 
standard public-facing versions of ChatGPT, Claude, Gemini, and others. Approval requires a 
Business Associate Agreement, not merely a vendor’s general privacy policy. See also: BAA; 
Protected Health Information; Training Data; Data Retention. 

Deskilling 

The process whereby acquired professional skills atrophy because practitioners increasingly rely on 
machines to perform tasks that once required human expertise. Related terms are 1) Non-skilling: 
skills never developed because AI handles the task from the outset in professional practice. 2) Mis-
skilling: investing in AI tool use at the expense of other skills essential to professional success. 3) 
Cognitive offloading: the practice of delegating cognitive tasks (such as recall, analysis, or synthesis) 
to external tools, including AI, which may accelerate deskilling when used habitually. 

In Context: Deskilling is a professional formation concern. For chaplains, mis-skilling may involve 
investing in AI tool use at the expense of relational attunement, theological depth, and unmediated 
clinical judgement. If chaplains consistently use AI to draft reflections, formulate assessments, 
prepare public religious/spiritual gatherings, or identify spiritual distress patterns, the question must 
be asked: What capacities are we maintaining? What are we allowing to atrophy?  

Digital Divide 

The gap between those who have access to digital technology and those who do not. This gap is 
intersected by race, socioeconomic status and education, age, geography, and disability. The digital 
divide also encompasses achievement gaps and unequal access to AI-enhanced education and 
services. 

In Context: Not all patients, and not all chaplains, have equal access to or comfort with digital tools.  

Ethical AI 
AI designed, deployed, and governed in ways that are fair, transparent, accountable, and respectful 
of human dignity. Ethical AI frameworks address bias, privacy, explainability, safety, and the 
protection of vulnerable populations. 

In Context: Interfaith chaplaincy's core commitments to human dignity, justice, and the protection of 
the vulnerable align directly with the principles of ethical AI. Chaplains are natural and credible voices 
in institutional AI ethics conversations. 

Explainability (Explainable AI) 
The degree to which the reasoning behind an AI output can be understood and communicated to 
humans,  allowing clinicians, patients, and administrators to evaluate and trust the system's 
recommendations. 

In Context: When an AI tool generates a risk score or care recommendation, explainability allows 
you to evaluate whether it reflects your patient's actual story, or a statistical average that may not 
apply to them. See also: Black Box; Transparency. 

Fairness (in AI) 
The principle that AI systems should produce equitable outcomes across demographic groups. 
Fairness in AI is contested: different mathematical definitions of fairness can conflict, meaning a 
system can be 'fair' by one measure while remaining unjust by another. 
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In Context: An AI system that performs 'fairly' on average may still produce inequitable outcomes for 
specific communities your chaplaincy serves. Aggregated fairness can mask individual injustice. See 
also: Algorithmic Bias; Racial Bias. 

Ghost Work 

The invisible, often underpaid human labor that underlies generative AI systems, particularly the work 
of content moderation, data labeling, and output review. Ghost workers review vast quantities of 
violent, sexually exploitative, or otherwise harmful material in order to train AI systems not to 
reproduce it. This labor is frequently performed by workers in precarious economic situations and is 
structurally invisible in public narratives about AI. Term coined by Mary L. Gray and Siddharth Suri in 
Ghost Work: How to Stop Silicon Valley from Building a New Global Underclass (2019). 

In Context: Ghost work is a pastoral and justice concern. When institutions celebrate AI efficiency, 
chaplains can ask who bears the hidden cost.  

Human-in-the-Loop (HITL) 
A design principle requiring that a human reviews, approves, or can override AI-generated decisions 
at critical points. Human-in-the-loop systems are considered safer for high-stakes environments. The 
concept is also relevant in considering when AI operates autonomously; for example, some 
algorithms deliver orders without human oversight. 

In Context: Human-in-the-loop design is especially important in healthcare, where AI-generated 
decisions can affect patient care. Ethical chaplaincy practice demands that the chaplain remain 
responsible for their work as the human in the loop. AI may assist with documentation, resource 
identification, or communication drafting, but spiritual judgment, accountability, and relational care 
remain irreducibly human responsibilities. See also: Deskilling. 

i-Methodology 

A design practice, documented in science and technology studies, in which developers assume their 
own interests, experiences, and contexts align with those of a universal user. Most AI tools have been 
designed predominantly by young, Western, male, technically trained engineers whose default 
assumptions shape the systems they build. The scope of i-methodology extends beyond interface 
design to include the assumption that AI should be everywhere in the first place. i-Methodology is the 
structural opposite of participatory design, in which intended users are meaningfully involved in 
shaping the systems built for them. Term coined by Nelly Oudshoorn, Els Rommes, and Marcelle 
Stienstra in “Configuring the User as Everybody: Gender and Design Cultures in Information and 
Communication Technologies” (2004). 

In Context: Administrators eager to incorporate AI in numerous workflows can ask whether their own 
motivations (enthusiasm for novel technologies, economic incentives, etc.) align with care recipient 
desires for more or less AI exposure in their medical care. See also: Algorithmic Bias; Ghost Work. 

Informed Consent (AI Context) 
The process of ensuring that patients understand how AI tools are being used in their care, including 
what data is collected, how it is used, and what decisions it influences. 

In Context: Patients have a right to know when AI is shaping their care. Chaplains can advocate for 
that transparency as part of their patient rights role. See also: Transparency; Confidentiality and AI. 

Racial Bias (in AI) 
A specific and well-documented form of algorithmic bias in which AI systems produce less accurate, 
more harmful, or inequitable outputs for people of color. Documented in clinical risk scoring, imaging 
analysis, dermatology AI, pain assessment tools, and facial recognition. 

In Context: Racial bias in clinical AI is a patient safety issue. Chaplains are positioned to name AI 
bias as a justice concern in interdisciplinary settings, and to advocate for patients whose care may be 
compromised by tools not validated on them. See also: Algorithmic Bias; i-Methodology. 
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Spiritual Care and AI 
The evolving relationship between professional spiritual care and the increasing use of AI tools in 
healthcare,   including AI-assisted documentation, predictive referral tools, and chatbot-based 
supplements to mental health and spiritual support.  

In Context: Opinions vary in the professional chaplaincy community about appropriate use cases and 
the extent of human involvement that various AI applications require. AI cannot provide spiritual care. 
Through supporting chaplains in administrative, analytical, and communicative tasks, AI can 
potentially augment and amplify spiritual care provider presence. Clarity about this distinction is 
foundational to continuing conversations about ethical AI use in clinical spiritual care contexts. 

Technocratic (approach to AI ethics) 
An approach to AI ethics that frames moral and social concerns as technical problems to be solved 
by experts, metrics, and system design. The technocratic approach assumes that ethical issues can 
be adequately addressed through better data, better models, and better guardrails. It prioritizes 
optimization, efficiency, and capability, and tends to locate authority over AI ethics in engineers, data 
scientists, and technical governance frameworks rather than in affected communities, ethicists, or 
practitioners. 

In Context: Much of the dominant discourse around AI ethics is technocratic in character. 
Recognizing technocratic framing helps chaplains identify when ethical questions are being narrowed 
into engineering problems, and advocate for the kinds of human and moral considerations that 
metrics cannot capture. See also: Ethical AI; i-Methodology; Algorithmic Bias; Human-in-the-Loop. 

Transparency (AI Transparency) 
The principle that AI systems, their developers, and their institutional deployers should be open about 
how AI tools work, what data they use and store, what decisions they influence, and what their known 
limitations are. 

In Context: Patients have a right to know when AI is involved in their care. Chaplains modeling 
transparency about their own AI tool use and advocating for system-wide transparency supports 
institutional trust and professional integrity. See also: Explainability; Informed Consent. 

 
PART THREE — Advanced and Contextual Terms 

Part Three — Applied and Contextual Terms  

These terms describe how AI operates in real-world healthcare and institutional contexts, including legal 
frameworks, tool types, and clinical applications, as well as more technical and specialized concepts for 
chaplains who want deeper literacy or who are involved in institutional AI governance, research, or 
education. 

AI Disclosure 

A transparent statement indicating that AI tools were used in the creation or editing of a document, 
communication, or professional work product. AI disclosure typically describes what AI was used for, 
the extent of its contribution, and the degree of human review and oversight applied to the final 
output. Many academic journals, professional organizations, and institutions now require or 
recommend AI disclosure. Disclosure protects professional integrity and models the transparency 
expected of ethical AI use. 

In Context: Chaplains who use AI to assist with documentation, educational materials, or 
professional writing should be prepared to disclose that use when asked, and to follow any 
institutional or professional standards that apply. Disclosure is an act of integrity, not a confession of 
inadequacy. This document includes an authorship and AI disclosure statement. See also: 
Responsible AI; Ethical AI; Transparency. 
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API (Application Programming Interface)  

A technical interface that allows different software applications to communicate and share data or 
capabilities. In the context of AI, an API is what allows ChatGPT, Claude, or other consumer AI 
models to be integrated into other apps and services without the user necessarily knowing that 
'ChatGPT is speaking' in the background. This means AI can be embedded in tools that don't look like 
AI chatbots at all. 

In Context: Understanding that AI can be integrated via API into products that appear unrelated to AI 
helps chaplains recognize that AI may be present in tools across their institutional environment, not 
just in obvious chat interfaces. See also: EHR-Embedded AI; Types of AI Tools. 

Business Associate Agreement (BAA) 
A legally binding contract required under HIPAA between a healthcare organization and any vendor 
or third party that handles protected health information on its behalf. Without a signed BAA, a vendor 
is not authorized to access, store, or process care recipient data. Note that some companies offer 
enterprise solutions with improved data protection including enterprise versions of tools whose 
consumer versions lack these protections. 

In Context: A BAA is the minimum legal threshold for using any AI tool with care recipient data. 
Consumer-grade AI tools such as the standard versions of ChatGPT, Claude, or Gemini do not have 
BAAs with individual users. See also: Consumer AI; Protected Health Information (PHI). 

Clinical Decision Support (CDS) AI 
AI tools designed to assist clinicians in making care decisions by analyzing patient data and 
generating recommendations. CDS AI may flag abnormal lab values, suggest diagnoses, predict 
deterioration, identify medication interactions, or prioritize clinical concerns. CDS tools are typically 
embedded in or integrated with EHR systems. Examples include sepsis predictors and fall risk 
scoring algorithms. CDS AI is usually subject to regulatory oversight and institutional validation 
requirements. 

In Context: CDS AI operates in the background of many clinical environments. It may generate flags 
that prompt a chaplaincy referral, risk scores visible in a patient's chart, or care pathways being 
followed by the team. These recommendations are algorithmically generated and can carry all the 
biases of their training data. See also: EHR-Embedded AI; Predictive Analytics; Algorithmic Bias. 

Consumer AI (Public AI / General-Purpose AI) 

AI tools available to the general public, typically through a web browser or app, without requiring 
institutional licensing or approval. Examples include ChatGPT (OpenAI), Claude.ai (Anthropic), 
Gemini (Google), and Copilot (Microsoft). Information entered into consumer AI tools may be used to 
train future versions of the model unless users have configured privacy settings. Some platforms offer 
a ‘temporary chat’ feature that limits data storage. 

In Context: A foundational rule: consumer AI tools are not designed for healthcare, are not HIPAA-
compliant by default, and a temporary chat feature does not make a tool HIPAA-compliant. Consumer 
AI tools are appropriate for non-patient work: professional development, writing assistance, research. 
They are not appropriate for any use involving patient information. The chaplain who pastes a 
patient’s spiritual assessment into ChatGPT to help polish the language has potentially violated 
HIPAA, contributed to training data, and created an unreportable breach. For patient-related work, 
use only tools explicitly approved by your institution. See also: Enterprise AI; BAA; Data Retention; 
Training Data. 

Data 

Raw information including text, numbers, images, audio used by AI systems to learn, train, and 
generate outputs. The quality, diversity, and source of data directly determine the quality and fairness 
of AI outputs. 
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In Context: Chaplaincy data, including spiritual assessment information and care encounter notes, 
may be included in health system datasets used to train predictive models. Understanding what data 
your documentation generates is part of ethical practice. See also: Training Data; Unstructured Data. 

Data Minimization 

The principle that only the minimum necessary information should be collected, used, or shared for 
any given purpose. Data minimization is codified in multiple privacy frameworks and regulations. 

In Context: In healthcare, HIPAA codifies data minimization as a requirement for the handling of 
protected health information. When using AI tools for any work-adjacent task, ask: Does the AI need 
the patient’s name, diagnosis, or facility to help me with this? Usually, the answer is no. Describe care 
scenarios in general terms without identifying the person. Do not use AI tools to attempt to minimize 
or de-identify data; use approved institutional processes. See also: De-identification; Protected Health 
Information; Consumer AI. 

Data Retention 

The policies governing how long data is stored by an AI system or platform, and what is done with it 
before deletion. Consumer AI tools may store conversations indefinitely and use them for model 
training. Some platforms offer temporary chat features that limit storage. Enterprise tools are 
governed by institutional contracts. 

In Context: Note that a temporary chat feature does not constitute HIPAA compliance. Before using 
any AI tool, ask: How long does this platform retain what I type? Can it be used to train future 
models? For consumer tools, assume data persists. See also: Training Data; Consumer AI; BAA. 

Doomers and Boomers (Techno-Pessimists and Techno-Utopians) 

Informal terms for two dominant ideological postures in public discourse about AI. Techno-utopians 
('boomers' or 'accelerationists') believe AI will broadly benefit humanity. Techno-pessimists 
('doomers') believe AI poses serious existential risks and that unchecked development is reckless. 
Many serious thinkers, including some who built the AI empire, are now in the 'doomer' camp, and 
many intelligent people remain 'boomers.' Both camps carry blind spots: utopians minimize risk, while 
pessimists sometimes put excessive emphasis on catastrophic ends at the expense of more 
immediate concerns like algorithmic bias and labor displacement. 

In Context: Naming these camps helps chaplains identify which assumptions they carry uncritically 
and what point on the spectrum of AI enthusiasm colleagues or institutions occupy.. See also: 
Responsible AI; AGI. 

EHR-Embedded AI  
Artificial intelligence tools built into or directly integrated with an institution's electronic health record 
(EHR) system. EHR-embedded AI operates on institutional data and is governed by vendor contracts 
and compliance review. Examples include smart documentation assistants, ambient clinical 
intelligence, and AI-generated care summaries. Because EHR-embedded AI is built into the system, 
clinicians may not always realize they are interacting with AI-generated content.  These tools may 
appear as a recommended action, a pre-populated field, or a risk flag with no visible AI label. 

In Context: EHR-embedded AI is not voluntary, chaplains interact with it simply by using their 
documentation system. Key concerns: Does AI-generated content appear in charts I am reading and 
acting on? Are spiritual care notes being fed into AI-driven summaries? Is the AI flagging my care 
recipients for care I don't know about? Knowing that AI is present in your documentation environment, 
and asking where, is part of professional competency. See also: Clinical Decision Support AI; 
Predictive Analytics; Unstructured Data. 

Enterprise AI  
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AI tools licensed by an organization specifically for institutional use. These include contractual 
protections for patient data such as a Business Associate Agreement and HIPAA compliance. 
Enterprise AI tools are vetted, approved, and monitored by institutional IT and compliance teams.  

In Context: Enterprise AI tools are not the same as the consumer-facing versions of the same 
products: an institution's licensed Microsoft Copilot may be HIPAA-compliant; the free version on a 
personal device is not. Chaplains should know which AI tools their institution has explicitly approved 
for use with patient data, and use only those tools. See also: Consumer AI; BAA; EHR-Embedded AI. 

Fine-Tuning 

The process of taking a pre-trained AI model and further training it on a smaller, specialized dataset 
to improve performance for specific tasks or populations. 

In Context: Healthcare institutions may fine-tune general AI models on clinical data. Whether spiritual 
care data (care recipient assessments, encounter notes, chaplaincy documentation) is included in 
institutional fine-tuning datasets is a question chaplains should raise in AI governance conversations. 
See also: Training Data; Data. 

Model Card / System Card 

Published documents that reputable AI developers make publicly available to describe how an AI 
model was built and how it is intended to be used. A model card describes the model itself: what it 
was trained on, what tasks it is designed to perform, its known limitations, and performance across 
demographic groups. A system card describes the real-world deployment of the model: how it was 
tested for safety, what risks were identified, and what safeguards are in place. Both documents are 
intended to support transparency and informed evaluation of AI tools before adoption. 

In Context: When evaluating an AI tool for institutional or professional use, asking whether a model 
card or system card is publicly available is a concrete due-diligence step. These documents can 
reveal whether the model was tested on populations relevant to your patients and community, and 
what the developer acknowledges as known risks. See also: Transparency; Explainability; Validation; 
Ethical AI. 

Natural Language Processing (NLP) 

A branch of computer science focused on enabling computers to understand, interpret, and generate 
human language. NLP is broader than AI; it encompasses non-AI techniques as well, but many 
current NLP applications are AI-powered. It powers voice recognition, sentiment analysis, chatbots, 
and automated text summarization. 

In Context: In healthcare settings, NLP tools may scan chaplaincy notes for patterns or generate 
summaries for the interdisciplinary team. Clinical notes containing spiritual distress language may 
trigger AI-driven alerts or be included in automated reports. See also: Sentiment Analysis; 
Unstructured Data; EHR-Embedded AI. 

Predictive Analytics 

The use of statistical algorithms and machine learning to forecast future events based on historical 
data. Not all predictive analytics are AI-based. 

In Context:  In healthcare, predictive analytics may identify patients at risk for deterioration, 
readmission, or unmet palliative care needs. Chaplains may receive referrals triggered or generated 
by predictive analytics tools. See also: Clinical Decision Support AI; EHR-Embedded AI; Algorithmic 
Bias. 

Protected Health Information (PHI) 

Any information that can be used to identify a care recipient and that relates to their past, present, or 
future health condition, healthcare treatment, or payment for healthcare services. HIPAA identifies 18 
specific types of PHI identifiers, including name, geographic data smaller than state level, dates 
related to the individual, phone numbers, email addresses, Social Security numbers, medical record 
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numbers, and photographs. PHI is protected regardless of the medium in which it appears. Entering 
any PHI into a non-HIPAA-compliant AI tool is a potential HIPAA violation, regardless of intent. 

In Context: When using AI tools for any purpose that touches patient care, default to de-
identification. If you are unsure whether something is PHI, treat it as PHI. See also: De-identification; 
Data Minimization; Consumer AI. 

Sentiment Analysis 

A technique that identifies and categorizes emotional tone in text, typically as positive, negative, or 
neutral. 

In Context: In healthcare, sentiment analysis is applied to patient feedback, clinical notes, and 
communications. Spiritual distress, grief, lament, and existential suffering do not map neatly onto 
positive/negative categories. Chaplains should be prepared to challenge sentiment analyses of 
spiritual care narratives that may miss or misrepresent complex theological and emotional realities. 
See also: NLP; Unstructured Data. 

Terms of Service (AI Platforms) 
The legal agreement between a user and an AI platform that governs how the platform can use data 
provided by the user. For most consumer AI tools, terms of service explicitly permit the company to 
use conversations for model training, safety review, and product improvement. Terms can be 
changed unilaterally by the company, often with minimal notice. 

In Context: Terms of service exist to protect the company, not the user. Consumer AI terms of 
service are incompatible with the handling of patient information. Even if you could understand and 
monitor the terms, they cannot replace a HIPAA-compliant BAA. See also: BAA; Consumer AI; Data 
Retention.. 

Token 

The basic unit of text that AI language models process, roughly equivalent to a word or word 
fragment. Models have token limits for both input and output. 

In Context: Token limits explain why AI tools may truncate long documents or forget earlier 
conversation.  

Unstructured Data 

Data that does not fit into predefined categories, such as free-form text, audio recordings, images, or 
narrative documents, as opposed to structured data in databases or spreadsheets. AI tools are 
increasingly capable of analyzing unstructured data. 

In Context: In healthcare, unstructured data includes clinical notes, chaplaincy assessments, and 
free-text patient communications. Chaplaincy narratives are rich unstructured data. AI may mine 
these notes for patterns or generate summaries. Chaplains should be intentional about how they 
document, knowing that their language may be processed in ways they did not originally anticipate. 
See also: NLP; EHR-Embedded AI; Training Data. 

Validation (Model Validation) 
The process of testing an AI model against real-world data to evaluate whether it performs accurately 
and equitably before deployment. Rigorous validation across demographic subgroups is an indicator 
of AI tool quality. 

In Context: Before an AI tool is deployed to generate spiritual care referrals or influence patient care 
decisions, it should be validated in the population it will serve. Asking whether a tool has been 
validated and for what population(s), is a legitimate institutional question. See also: Algorithmic Bias. 
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Vendor Agreement (AI Vendor Contract) 

The contract between a healthcare organization and an AI tool provider governing terms of use, data 
handling, security standards, liability, and compliance requirements. A HIPAA-compliant agreement 
includes a BAA. Vendor agreements are negotiated by institutional leadership, not by individual 
users, who do not have the authority to modify them. 

In Context: Individual practitioners cannot make a non-compliant tool compliant by being careful with 
it. If the institution has not executed a proper vendor agreement for a given AI tool, that tool should 
not be used for patient-related work. See also: BAA; Enterprise AI; Consumer AI. 

Workflow Integration 

The degree to which an AI tool is embedded into existing work processes, operating within the normal 
flow of tasks rather than as a separate, deliberate step. 

In Context: In clinical settings, workflow integration may include generating referrals, populating 
templates, or flagging patients without a separate action by the clinician. Understanding what is 
automated in your workflow, and what is not, is essential to maintaining intentional, person-centered 
practice. See also: EHR-Embedded AI. 

Zero-Shot Learning 

An AI model's ability to perform a task it was never explicitly trained on, by generalizing from related 
knowledge. 

In Context: When you ask an AI to generate a care note or reflection for a faith tradition it was not 
specifically trained on, you are relying on zero-shot generalization. Results require careful pastoral 
review, especially for minority or non-Western traditions. 

 

 

Authorship and AI Disclosure 

This document was developed through iterative collaboration between members of the APC ETHOS 
Taskforce and Claude (Anthropic), a large language model AI assistant. Claude served as a drafting and 
research synthesis tool across multiple working sessions. All content was reviewed, substantially revised, 
and approved by the human contributors, who retain full intellectual responsibility for the final text.  
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Appendix A: Quick Reference — Types of AI Tools in Healthcare Settings 

 

 

Type Examples HIPAA Compliant? Use With Patient 
Data? 

Chaplain 
Encounters How? 

Consumer / 
General-Purpose AI 

ChatGPT, 
Claude.ai, Gemini, 
personal Copilot 

No NEVER Personal use, 
writing assistance, 
research, non-
patient tasks only 

Enterprise / 
Institutional AI 

Epic AI, Azure 
OpenAI (enterprise), 
institutional Copilot 

Yes, if BAA in place Only as approved 
by institution 

Via approved 
institutional tools 

EHR-Embedded AI Epic predictive 
models, AI-
generated chart 
prompts, ambient 
recording 
documentation tools 

Yes (institutional) Yes — you use this 
by charting 

Automatically, within 
charting workflow 

Medical / Specialist 
AI 

Aidoc (radiology), 
Nuance 
(transcription), 
sepsis predictors 

Yes (institutional) Yes — operates on 
clinical data 

Via outputs in charts 
or clinical 
conversations 

Departmental / 
Workflow AI 

Department-built or 
adopted tools for 
documentation, 
scheduling, 
communication 

Verify before use Only if institutionally 
approved 

Via departmental 
adoption — verify 
compliance 

 

Note: Some companies offer enterprise versions of their consumer AI tools with improved data protection. 
Consumer and enterprise versions of the same product are not interchangeable. Always verify which version 
your institution has approved. 
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About the APC Ethical Technology for Human-Oriented Spiritual Care (ETHOS) Task Force 
 
The Association of Professional Chaplains Ethical Technology for Human-Oriented Spiritual Care 
(ETHOS) task force is a multidisciplinary team of chaplains, clinical ethicists, educators, researchers, and 
technology professionals dedicated to the responsible integration of artificial intelligence within spiritual 
care.  
 
The taskforce seeks to promote the ethical, compassionate, and human-centered use of emerging 
technologies in ways that honor human dignity, support professional spiritual care practice, and uphold 
the values of presence, trust, confidentiality, and equity. The APC ETHOS task force emphasizes that 
artificial intelligence is not a substitute for the relational, compassionate, and meaning-centered care 
provided by spiritual care professionals. We encourage readers to use this resource as a foundational 
reference while continuing to engage critically, ethically, and thoughtfully with emerging technologies. 
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